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Co znamena omnichannel atribuce v
e-commerce?

e 1. Atribuéni modelovani v marketingu = proces prirazeni konverze (transakce)

k marketingové investici (zdroji navstévy = source / medium z GA).

e 2.Kazda konverze je atribuovana = atribu¢ni modelovani v pfipadé reportingu
v Google Analytics (i jinych) vyuzivate vzdy.

o - Defaultni atribu¢ni model v GA = LastClick nonDirect.

e 3. Zménou atribuéniho modelu v reportingu (tedy zménou procesu pfifazeni

konverze k investici) muze dojit ke zméné ROl (PNO) mezi zdroji navstévnosti.



Predpoved pocasi

Predpoved pocasi je stejne, jako atribucni modelovani, vysledkem vypoctu
matematického modelu.

Pocasi je pouze “jedno” (v dany ¢as na daném misté), nicméné modell na

jeho predpovéd je vicero.
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Jakému modelu “verit”?

e U predpovédi pocasi maji modely az extrémné riizné vysledky:
o sila a smér vétru

o neboijen fouka / nefouka

e Klicem je znalost externalit pro konkrétni misto:

o typ mrakd, rozdil mezi no¢ni a denni teplotou, rocni obdobi, teplota mofe / pevniny a dalsi

o . V.ecommerce napr. byl/nebyl Black Friday atp., skladovost, vztahy s dodavateli...

e Diky znalosti externalit a konkrétnich vysledku vicero modell se postupné

naucite “odhadovat”, ktery model je za danych podminek nejpresnéjsi.
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Marketing maturity model

C reated by . J a n H O r nVC h Decision making Continuous evaluations of decisions Automated decision making

Predictions Ad hoc Predictions Automated Predictions
imi i edia optimized for and single transaction ia optimized for ong term profit
Channel optimization med d for ROI and singl Med d for RO & f
' !
CRuss Personalization Rules Based Personalization Behavioral Targeting
MASTERS Markeﬁng Automation Marketing Automation (Basic) Marketing Automation (Advanced)
Campalgn Management Campaign Management Campaign Attribution Budget optimization Portfolio optimization
i esting (content ultivariate testing (content ultivariate testing (content & application logic;
A/B Testing A Testing ( ) Mul { ) Mult ( & appl logic)
Customer databases and tools customer Tracking and Integration = Customer passive segmentation Cus. adaptive segm. Customer centric decission making
Social Social (Share) Social (Listen} Social (Engage) Lead & Shape (Influence)
Content distribution Content Distribution (Multichannel) Content Distribution (Omnichannel)
Email markeﬁng Email Marketing (Basic) Email Marketing (Segmented) Email Marketing (Automated)
Web Analyﬁcs { Web Analytics Engagment Analytics Predictive Analytics
Traffic Acquisition Traffic Acquisition (SEO, Display) = Traffic Acquisition (Multiple Channels, session metrics) Trafiic Acquisition (Automated bid management, user metrics)
Design Design (One Size Fits All) Design (Responsive) Design (Device aware)
Skl“S No in house skills Knowledgeble to manage external resources Majority of activities accomplished in house Balanced blend of marketing skills
Transformation rediness Limited maﬁagemem Buy-in and organisational alignment Spdnsorship secured and widelly accepted As integral part of strategy devolopment
KP|S No‘pertormance KPIs Quality based KPIs Lifetime-value KPls
Stl’ategic approach No strategy approach Defined vision and strategy Agile strategic approach
System integration Disconnected silos Some systems integrated All systems integrated Single source of thruth solution
Data freshness Systems are sporadicaly refreshed Automated data refresh, some weekly some daily Most data refreshed within hours Real time data
Reporting Hard skills required to sée data Many isolated reporting platforms, some integrated Integrated reporting IT resources reqired Integrated reporting self served
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Matu r|ty Cross device
Model Offline touchpoints in conversion path

Manual marketing platforms management Automation in marketing platforms management
First marketing budget reallocation experiment
"Easy" attribution models "DDA" attribution models

Attribution model comparison

Post click'attribution Post impression attribution
NO custom definition for "Session" (timeout atc.) Custom definition for "Sessions"
NO custom definition for "Campaign" (timeout atc.) Custom definition for "Campaign"

Exact KPIs definition
Channel Grouping

Business (marketing) plan

NOVICE BEGINNER INTERMEDIATE \DVANCEL ‘. MATURE MARKET LEADER



Long term experiments strategy

Faze definice
1. experimentu

Cross device

Offline touchpoints in conversion path

Manual marketing platforms management Automation in marketing platforms management

First marketing budget reallocation experiment

"Easy" attribution models "DDA" attribution models

Attribution model comparison

Post click'attribution Post impression attribution
= f o ; NO custom definition for "Session" (timeout atc.) Custom definition for "Sessions"
Potirebny zaklad
E NO custom definition for "Campaign" (timeout atc.) Custom definition for "Campaign"

Exact KPIs definition
Channel Grouping

Business (marketing) plan

NOVICE BEGINNER INTERMEDIATE ; ADVANCED MATURE MARKET LEADER




Nejcastejsi “kameny urazu” na ceste k
vrcholu attribution maturity modelu



Long term experiments strategy

Channel
Grouping

Cross device
Offline touchpoints in conyersion path
Manual ﬁarketing platforms management Automation in marketing platforms management
First marketing budget reallocation experjment
"Easy" attribvution models "DDA" attribution models

Attribution model comparison

Post click!attribution Post impression attribution
|
NO custom definition for "Session" (timeout atc.) Custom definition for "Sessions"
' NO custom definition for "Campaign" (timeout atc.) Custom definition for "Campaign"

Exact KPIs definition
Channel Grouping
Business (marketing) plan

NOVICE BEGINNER INTERMEDIATE VANCEL | MATURE MARKET LEADER



Channel Grouping

Channel grouping jednoduse znamena logické rozrazeni (neboli segmentaci)
trafficu do skupin.

Definované segmenty trafficu nasledné slouzi jako zakladni stavebni kdmen

pro vypocet atribuce.




Channel Grouping: priklad z praxe

channel channel definition (GA query)

Adwords SRCH + rest ga:sourceMedium==google / cpc;ga:campaign!~PLA|RMK|GDN|Dyn.remkt 1
Adwords PLA ga:sourceMedium==google / cpc;ga:campaign=@PLA ;f
Adwords DRMK ga:sourceMedium==google / cpc;ga:campaign=~DRMK]|Dyn.remkt j
Adwords GDN (nonRMK) |ga:sourceMedium==google / cpc;ga:campaign=@GDN;ga:campaign!~RMK|remkt <
Adwords GDN (RMK) ga:sourceMedium==google / cpc;ga:campaign=@RMK;ga:campaign!~DRMK|Dyn.remkt ‘4
Sklik SRCH + rest ga:sourceMedium==seznam / cpc;ga:campaign!~PLA|RMK|GDN|Dyn.remkt 1
Sklik PLA ga:sourceMedium==seznam / cpc.ga:campaigh=@PLA ga:campaignl@SRCH }
Sklik DRMK ga:sourceMedium==seznam / cpc;ga:campaign=~DRMK|Dyn.remkt é
Sklik GDN (nonRMK) ga:sourceMedium==seznam / cpc.ga:campaign=@ GDN;ga:campaign!~RMK]|remkt f
Sklik GDN (RMK) ga:sourceMedium==seznam / cpc:ga:campaign=@GDN:ga:campa|gn=@RMK:ga:campaiganRl‘-j
Bing ga:sourceMedium==bing / cpc g
Favi ga:sourceMedium==favi / cpc {
Biano ga:sourceMedium==biano.cz / cpc }
Heureka ga:sourceMedium=@heureka ’,
Zbozi ga:sourceMedium=@zbozi ;
Affiliate ga:sourceMedium=@affil 2
Criteo ga:sourceMedium=@criteo :
Facebook ads ga:sourceMedium=@facebook §
Other (social) ga:sourceMedium=~pinterest|instagram ;
Red\ledia Display, Brand, | JASQUICEMETIUM= @RI, _ans s ot st b4 444 4 Aidh dnatod s ran AA A A A ARS8 b




Long term experiments strategy

Exaktné definované
hlavni byznysové KPI

Cross device
Offline touchpoints in conversion path
Manual m-arketing platforms management Automation in marketing platforms management
First marketing budget reallocation experiment
"Easy" attriblution models "DDA" attribution models

Attribution model comparison

Post click' attribution Post impression attribution
NO custom definition for "Session" (timeout atc.) Custom definition for "Sessions"
f NO custom definition for "Campaign" (timeout atc.) Custom definition for "Campaign"

Exact KPlIs definition
Channel Grouping

Business (marketing) plan

NOVICE BEGINNER INTERMEDIATE j 'ADVANCED : MATURE MARKET LEADER



Exaktné definované

hlavni byznysové KPI

e Objem (transakce/trzby)

e Zisk (marze/EBITDA)
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Business (marketing) plan: priklad

Total sales / gross profit
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https://docs.google.com/spreadsheets/d/10K6jNMECkTUPH3RrIuA9MEgCmorsalw6oJ4nPiSSTZ0/edit?ts=5c6804e3#gid=78053693

Uzivatelské konverzni
a nekonverzni cesty



Konverzni X nekonverzni cesta

e Konverzni cesta

e Nekonverzni cesta




Skutecnost, zda je cesta konverzni, nebo
hekonverzni,
se vztahuje ke konkrétnimu casu.



Nekonverzni cesty v Google Analytics

e Pro domereni nekonverznich cest z Google Analytics je nutna implementace 2

custom dimenzi:

o SessionlD
o ClientID

e Implementace je v pripadé moznosti vyuziti GTM jednoduchad, neni potreba

soucinnost developmentu/managementu.

o - Navod na implementaci jsme pro vas pripravili na naSem webu.

o Implementace SessionID a ClientID neni pouze pro potfeby Data Driven atribuce, ale ma i dalsi

vyuziti v pripadé pokrocilé prace s Google Analytics daty.


https://www.attribution-academy.cz/sessionid-a-clientid?utm_source=prezentace&utm_medium=workshop&utm_campaign=prosinec2018
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Implementace custom dimenzi - cil

user_id
1000001171.1525229400
1000001276.1516717811
1000001276.1516717811
1000002779.1529867985
1000004235.1512332199
1000009688.1520542209
1000012324.1534875705
1000015364.1521304331
1000016918.1519745032

session_timestamp visitNumber transactions

1525229400130
1516717895322
1526707781000
1529867986105
1527366712566
1520542209489
1534875759089
1521304343819
1519745031931

1
1
2

o0l O0C OO |O OO

source
google
google
google
glami
google
seznam
google
google

display

medium
organic
cpc
cpc
cpc
cpc
cpc
cpc
organic

cpm~branding



Charakteristiky (ne)konverznich cest

1. Session timeout

2. Campaign timeout

3. Offline touchpoints in conversion path
4. Click VS impression attribution

9. Agregace cest



Session timeout

e Session timeout definuje, po jak dlouhé dobé neaktivity uzivatele na webu, bude
pfi dalSi interakci zaloZzena nova navstéva (pozor na UTM parametry a pulnoc).

oV zakladnim nastaveni GA je 30 minut.
o Dava zakladni nastaveni vzdy smysl|?

e Napr. uzivatel prijde na web z Google / cpc a navstivi stranku s produktem.
o Nasledné necha zalozku otevrenou a vrati se k ni po 2 hodinach.
o Vysledkem tohoto chovanije 2 x session s identickym source / medium (i kdyz druha session
byla ,spise” Direct).
o Ma se povazovat za 2 navstévy nebo 1?



Nejcastejsi problém pri definici
touchpointu v konverzni ceste



Campaign timeout

e Campaign timeout definuje po jakou dobu je u navstévy v GA prepisovan zdroj
,Direct” pfedchozim ,nonDirect” zdrojem.

Realita: Google / Google /
organic cpc
<:£E:>

GA: Googg/ Google /
organic cpc

D
D

Google /
cpc




/Zmenu ,campaign timeout” a
,session timeout” doma NIKDY sami
nezkousejte!




Prehled atribuc¢nich modeld

POST MODELY (neaditivni) PRIMOCARE MODELY (celoéiselné)
« first touch

* post click _
«. lead conversion touch

* post view (post impression)
- last touch

 |ast non-direct touch

PRIMOCARE MODELY i,
(podilové) ast paid touc

= ipedns « last [some_channel] touch
- time-decay

» U-shaped (W-shaped, Z-shaped)

« custom (fixed-coefficient)



Prehled atribuc¢nich modeld

DATA-DRIVEN MODELY

Custom Data-Driven Attribution Model Dot e e ica) ° Shap|ey
BEGINNING OF PATH TO CONVERSION L o
Channel Grouping | Conversions ° neza|e2| ﬂa poradl
B [ B
O & - zalezi na poradi
El &
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POST modely

Treba post-click Adform: atribuuje vSechny konverze obsahujici v cesté
alespon jednu navstévu ze zdroje Adform.

Jsou vyuzitelné predevsim jako kontrolni bod - horni mez, co je vibec mozné
zvolenému kanalu pricist.

Neda se podle nich Fidit byznys na drovni kanall (soucet trzeb a konverzi po
kanalech nasobné prevysuje celkové trzby a konverze).

Potfebujeme “aditivni” modely



First Touch

e Vhodny pro akvizicni kampane

S




Lead Conversion Touch

e Engagement je zaklad vseho

©-5-0--@

S




Last Touch

e Nejlehci na domereni

©-8-0--@
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Last Non-Direct Touch

e GA default

e-8-0-0-@
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Last Paid Touch

e ZvySuje zasluhy placenym kanalum

c-0-8-0-@
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Linearni

e Prvni podilovy model, ktery dava smysl a je intuitivni




Time-decay

e Nedavne interakce maiji vyssi vahu




U-shaped

e Dulezité jsou zacatky a konce konverznich cest




Custom + DDA

e Koeficienty se v ramci cest lisi a neni zjevny jednoduchy vztah mezi kanaly, je
nutné uvazovat vsechny cesty v celkovém kontextu!




Custom + DDA
- @ -
@ccew
= (=) =
6-6-0-0-@-
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Data-driven atribuce

e Shapley Value

o Zakladni princip vypoctu je ,Removal Effect”,
tedy sledujeme dopad na pocet konverzi
odstranénim jednoho touchpointu z konverzni
cesty.

o Muze nebo nemusi zaviset na poradi
touchpointd.

SIt (N - [S] - 1)

i (v(S U {i}) —u(S))

$i(v)= )
S}
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Shapley - hra

zdroj: https://clearcode.cc/blog/game-theory-attribution/




Shapley - vykon

zdroj: https://clearcode.cc/blog/game-theory-attribution/




Shapley - vysledek

(7+7+10+3+9+10) / 6 =

zdroj: https://clearcode.cc/blog/game-theory-attribution/
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Shapley v GA

Shapley DDA model v GA: pravdépodobnost konverze (Uspéchy / pokusy)

| % .
e A /|

A /| Z
Z /|

/|

%=0.4 14 = 0.33 Y =0.25
Team 1 Team 2 Team 3

Nutnost mérit NEkonverzni cesty!




Markov

Jednotlivé touchpointy predstavuji markovovskeé stavy.

Spoctou se pravdépodobnosti pfechod( mezi stavy.

R&d = pocet bezprostfedné predchazejicich stav,

které maji na pravdépodobnost prechodu vliv.

Casto se déla Markov 1. a 2. fadu. @

vvvvv

05

Taky vyuziva removal effect.

R package: ChannelAttribution (nejnovéjsi verze) @

Volba fadu Markova ©

Pozor na celkovou slozitost:
o - Délka vypoctu
o Moznost vykreslit graf @
o Rozdil prizvétseniradu o 1



O

Funnel-based model: pravdepodobnost prechodu

N2 IR P

do dalsiho kroku funnelu

Conversion window: 30 days

Session

Non-bounce session
Productview

Add to cart
Checkout steps
Conversions

. Assign value to all traffic channels
CONVERSION STEP

Visit Non-bounce visit Product page Add to Cart Checkout Purchase

100%
35.6%
65.7%
9.8% 51.1% 0.2%
42.7% 40.5%
- 32.6%
27.2% 5.3% 24
2.9% _5-3% 1.3%
RS i}

49.0%

Clanek - navod

. Step conversion rate Probability Value Step abandonment rate


https://www.owox.com/blog/articles/funnel-based-attribution-model/

Vysledek vypoctu




Atribucni koeficienty

TOTAL CONVERSIONS

100

| 7500

‘
5000 -
2500~
0- L

AFFILIATE CSE DIRECT DISPLAY EMAIL INTERNAL ORGANIC OTHER PAYMENT PPC PUSH RETARGETING RTB

channel name

variable
W frsttoucn

last touch

[ |
B iinear_toucn
|

markoy_model

SOCIAL




Priklady prace s atribuci z
manazerské praxe



©)

Manazerske workflow pro praci s vysledky
atribucniho modelovani

1. Analyza atribucnich koeficient.
Osobné provadim jednou za tyden (v sezéné), mimo sezénu jednou meésicéneé
pri reforecastingu planu.
Vysledkem nemusi byt pouze navyseni / snizeni investic do vybraneho kanalu, ale
také napf. zamysleni nad kreativou / cenotvorbou (muze byt pro dany kanal
specificka) atp.

2. Analyzy konverznich a nekonverzich cest

|dentifikace potencialu (nebo naopak zbytecné investice) a rizika experimentu



Analyza atribucnich koeficientu

PFi analyze atribucnich koeficientl je cilem porovnani “znamé pravdy” (revenue pro dany
kanal dle LastClickNonDirect atribu¢niho modelu) s “jinym pohledem na véc” (tedy

revenue pro dany kanal kvantifikované dle jiného atribuéniho modelu).

Idedlni je porovnavat vice atribucnich modeld, tedy napf. LCnD, DDA model, Linear a

First Click model.

Vysledkem analyzy je definice experimentu = “uveéreni” vysledku atribuce revenue k
danemu kanalu dle vybraného modelu.

Je vhodné porovnat vicero KPI pro jednotlivé kanaly: revenue, PNO, CPA, ROI, elasticita



Analyza atribucnich koeficientu

Channel grouping First click koef konverze Linear koef konverze Markov 2nd order koef konverze  First dick koef revenue Linear koef revenue Markov 2nd order koef revenue
ﬁqumﬁ DRMK 73 - nverze :-( konverze :-( ZWVEQE ( 2qgn§ mﬁﬁﬁﬂ =
Adwords GDN (nonRMK) -100.00% -50.00% -23.02% -100.00% -50.00% -23.61%

mMKI zadne konverze - zadne konverze :-( zadné konverze :-( zadne konverze :-( zadné konverze :-( zadne konverze -
Adwords PLA 15.94% 0.50% 2.46% 15.94% 3.61% 5.43%

WO + [ —Om 5&"4 -1 46"@ -4&“4
Affiliate -77.38% -29.41% -38.69% -20.63%
Biano 28.35% T85% 20.20% 3oa1%
Direct 6.11% 0.79% 1.72% -7.27%

man T 80% T B0 : i 5. 740 1207

Facebook ads 40.71% -12.12% -9.67% 40.71% 18.28% 38.77%

Favi -33.08% -10.42% -13.94% -33.08% -18.30% -17.90%
Google / organic 22.85% 12.02% 28.56% 22.85% 25.55% 65.89%
Heureka -22.13% -17.31% -20.19% -22.13% -11.40% -20.57%
OTHER -16.76% -4.90% 12.84% -16.76% -5.37% 16.68%
Other (social) Zadné konverze :-( Zadné konverze - Zadné konverze -( Zadné konverze :-( Zadné konverze :-( Zadné konverze :-(
Other / organic 54.35% 16.67% 1.33% 54.35% 27.18% 16.47%

Red Media Display Brand Zadné konverze :-( Zadné konverze :-( Zadné konverze -( Zadné konverze -( Zadné konverze :-( Zadné konverze -(
Red Media RTB Brand 0.00% 0.00% -21.65% 0.00% 0.00% -22.25%
Seznam / organic 19.52% 4.17% 19.52% 7.41% -2.05%

Sklik DRMK -34.71% -19.61% -34.71% -14.03% 3.34%

Sklik GDN (nonRMK) Zadné konverze :-( Zadné konverze :-( Zadné konverze :-( Zadné konverze :-( Zadné konverze :-( Zadné konverze -
SRk CLA T Do 0.3 T4 T0. 7000 =iy

Sklik SRCH + rest -9.20% 2.02% -0.76% -9.20% -2.35% -2.76%
Zbozi 4.75% -7.14% -6.68% %37% -0.62%
Kontrola celkového souctu | 0.00% - 0.00% 0.00% - 0.00% 0.00%




Vysledek analyzy atribu¢nich koeficientu

o Vysledkem analyzy je experiment realokace marketingovych investic

(pfipadné pouze boost nebo utlumeni vybraného kanalu).

e V nasem pripade by se dalo provest:

a.
b.

C.

o

Utlumeni AdWords a Sklik GDN (nonRMK).

Boost PLA kampani v obou search platformach.

Provést hlubsi analyzu affil partnert a konverznich cest z nich vyplyvajicich.

Boost Facebook Ads kampani (generuji objednavky s vySSim AQV v pfipadé DDA atribu¢niho
modelu).

Zamysleni se, pro¢ Direct dle DDA modelu generuje méné konverzi (slabne sila brandu? Vraceji

se moji zakaznici? Jaky je vyvoj CLV? Toto mUze byt predzvest retencniho problémui.



Analyza konverznich a nekonverznich cest

e Diky analyze konverznich a nekonverznich cest mohu dale zkoumat a ovérovat to, co mi

v high-level pohledu na vysledky atribu¢niho modelovani “fekli” atribucni koeficienty.

e |zenapr. identifikovat:
a. Extrémné konverzni cesty (indikuje urc¢ité chovani zakaznik() -> pokud mohu, boostu;ji
b. Extrémné nekonverzni cesty (quick win pro uspofeni marketingovych nakladd a zlepseni

MROMI = zisk na Urovni marzi ve vztahu k marketingové investici).



Nekonverzni cesty

Nekonverzni cesty
Sklik GDN (nonRMK) Favi >Sklik DRMK  Adwords GDN Google / Biano > Other Sklik
(RMK) organic>  Sklik (social)  SRCH
Sklik DRMK +
DRMK rest
>
Sklik
SRCH +
rest >
Adwords
SRCH +
Sklik PLA
> Sklik
Adwords GDN (nonRMK)
Path: Adwords GDN (nonRMK)

Total Null: 758



Kvantifikace rizika pfi vyfazeni GDN (nonRMK)  ~

Konverzni cesty Sklik GDN nonRMK Konverzni cesty AdWords GDN nonRMK
In/ Out of Konverzni cesty obsahujici Sklik (GDN nonRMK) In/ Out of Konverzni cesty obsahujici AdWords GDN (nonRMK)
Celkovy pocet Y B
v v ’ = o : $40
vySetfovanych cest. N =
15 15
14 14
13 13
12 1.2
11 11
§ 1.0 g 1.0
Maximalni riziko ztraty - 5
, - g 09 H 09
konverzi pfi g S
pozastaveni investic o i)
do vybranych kanald. b e
0.6
05
03
01

0.0 0




| ze atribuovat “relevanci” navstevnosti?

1. Je nutné definovat relevantni navstevu:
a. Chytry cil z Google Analytics.
b. Vlastni nastaveni cile, napr. zobrazeni vice jak 3 stranek a nebo zobrazeni stranky kosiku /
formulare.
2. Diky tomuto pristupu Ize zcela zmeénit pohled na marketingové investice:
a. Zajima nas, zda uzivatel privedeny na web diky marketingove investici mél zajem o nas
produkt/sluzbu. Pokud ano, jedna se o efektivné vynalozenou marketingovou investici.
b. Zda dany uzivatel finalné nakoupil, nebo ne, jiz “neni” problém marketingu, ale produktu,

cenotvorby, UX, logistiky, skladu, atp.



| ze atribuovat “relevanci” navstevnosti?

m Import from Gallery

Goal

Objednavka

Prihlaseni k newsletteru

Registrace

Smart Goal

Goal I 4

Goal 12

Goal IF5

Goal Set 1

Goal Set 1

Goal Set

Goal Type

Destination
Destination
Destination

Destination

TOTAL CONVERSIONS

Past 7 day conversions

Display

Recording

FF

a H o H

variable

first_touch
last_touch
near_ftouch

markow_model




Atribuce cile “dokoncena registrace”

TOTAL CONVERSIONS

variable

last_touch

rrrrrrrrrrrr
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ga:transactionRevenue

Experiment: :
vypnuti remarketingu

variable

first_touch

e Platforma stoji 20% mkt nakladd, B st

3 3 i . linear_touch
dle GA lastclick generuje 16% trzeb, markov_model

dle Markova ale jen 10% trzeb

e Po vypnuti na 6 tydnl pokles celkovych trzeb o 11% dle Causallmpact

e Pak omezeni budgetu a nastaveni prisngjsich cill, uz zadné boostovani

All Traffic

RETARGETING

[euiBlio

’
\
i
'
'
’
1
1
|
1
asimuiod

aAREINWND




Zaver:
Budoucnost marketingu

experimenty

(s atribuci a nebo bez)



Marketing Attribution ShinyApp




Marketing Attribution ShinyApp

Nase aplikace vyuzivaji cloudové technologie ShinyApp.

Nedochazi k Zzadnému lokalnimu ukladani dat ani pfistupovych tdajl: VSe bézi v ramci relace ve vasem prohlizeci. Po
jeho uzavreni jsou data ztracena (pokud nejsou stazena lokalné k vam).

Aplikace je aktualné dimenzovana na vypocet v objemu cca 350 - 400 tis. ndvstév mésicné.

Vypocéte pocet konverzi, nebo transakci/vysi trzeb pomoci riiznych atribuc¢nich model(l dle vasich dat z

Google Analytics (Markov N-tého radu, First Click, Last Click, Linear).

Shinyapps.io je oficialni Rkova platforma (PaaS), umoznujici hosting Shiny web aplikaci.

Shinyapps.io je momentalné hostovdna na Amazon’s Web Services (AWS) s datovou infrastrukturou v regionu
us-east-1. Neukladdame zadna uzivatelska data, tedy aplikace je GDPR ready.

Shinyapps.io je secure-by-design. Kazda Shiny aplikace bézi ve svém vlastnim chranéném prostredi a pfistup je vzdy
SSL encrypted.

Vicenasobné instance aplikace nikdy nesdili lokalni data nebo databazi.



Marketing Attribution ShinyApp

0. Prihlasite se pres svuj ucet Google, pro ktery mate pristup do Google Analytics

Attribution ShinyApp =

@ SelectView
£ Resuls Attribution-academy.cz ShinyApp

Login via Google



Marketing Attribution ShinyApp

1. Zvolite vySetrovany ucet Google Analytics

1. GA account

Select Account, WebProperty and View from your Geogle Analytics,



Marketing Attribution ShinyApp

2. Definujete ¢asovy interval, ve kterém vznikly konverze

2. Transaction window

The investigation period in which the conversions were created, eg 30 days.

2018-09-27 to 2018-10-27



Marketing Attribution ShinyApp

3. Definujete délku lookback window

3. Lookback window length

How many days before every conversion you allow the conversion paths to have started. GA default = 30.

1 (30} 60



Marketing Attribution ShinyApp

=

4.1 Definice channel groupingu

Attribution-academy.cz: Channel Grouping_final ]

File

active | channel

U CICICICRCIC SRR RRISR< )<

+
1[]

Edit View

PPC
PPC
PPC

RETARGETING
RETARGETING

CSE
CSE
CSE
CSE
CSE
CSE
CSE
SOCIAL
SOCIAL
SOCIAL
SOCIAL

£

source

google

seznam

bing

criteo

rtbhouse
" heureka

zbozi

favi

biano
glami

bonami

skrz

facebook
instagram
pinterest

twitter

Insert Format

Data Tools Add-ons Help a
00 123~  Arial 0 B I &
D E F
medium campaign
cpc
cpc
cpc

p

Channel Grouping Ize
definovat dle nékolika
drovni, nicméné v ramci
jednoho vypoétu maze byt
aktivni vzdy jen jedna
uroven.



https://docs.google.com/spreadsheets/d/1AStPcnDU3q_d5vfwB2oAuQqo9_n0dXSZnWkZeNjtt4I/edit?usp=sharing

Marketing Attribution ShinyApp

4.2 Vlozite ID Google Sheetu s definici svého channel groupingu

4. Channel grouping

Defines what the marketing channels creating the conversion paths are.

Insert ID of your channel grouping Google Spreadsheet which you got on our workshop :-)

Level of custom channel grouping depth

2

| want to aggregate identical channels that follow consecutively in the conversion path.



Marketing Attribution ShinyApp

5. Zadate cCislo GA custom dimenzi ClientID & SessionID

5. ClientID & SessionID

These are the IDs of the custom dimensions of the selected GA Web Property, which are used to aggregate data.
Insert clientID custom dimension number

7

Insert sessionID custom dimension number

8

Insert sessionlD timestamp REGEX

(=)

If your implementation of sessionlD GA custom dimension is in accordance with our instructions, you can leave default value.



Marketing Attribution ShinyApp

6. Definujete "uroven hloubky" data driven vypoc¢tu Markova (fad)

6. Markov model order
Higher order increases the complexity and accuracy. Default value = 2.

1 2 5



Marketing Attribution ShinyApp

7. Prejdete na zalozku "Results” a kliknete na "Calculate Result”

Attribution ShinyApp

@ SelectView
= Calculate Result

#~ Results



Marketing Attribution ShinyApp

8. Analyzujete vysledky vypoctu

Channel
adwords Nové kam.. 45

oiect 722 I
Google Ads Brand _34

Google Ads Deal as
Google Ads Katego.. I -
Google Ads Konkur.. 23 .
Google Ads Obecna.. I
Google Ads other s1
Google Ads Remark.. 0 variable
Newsletter N - = :L::::
Organic Google Seex toan
Organic other lz: W rosocrmean
Organic Seznam | E———
Other -
Portal 3. strany 803 _
Retargeting platfo.. I -
Sklik Brand 154
Sklik Kategorie I -
Skiik Konkurence ey |
sklik Nové kampan.. 24 -
Sklik Obecna kamp.. 0
-45 -40 -35 -30 -25 -20 -15 -10 -5 5 10 1§ J
Conversions DIFF: Markov2- LastClick o u = ‘ —_—

ek AT e R N ] win 20CuL

o

ci oRbEl Davay ke [T




Marketing Attribution ShinyApp

Pojdme, zjistit, jak vypada vypocet atribuce na vasich GA datech :-)

Beta aplikace:

https://kobulsky-merglevsky.shinyapps.io/ppc-camp/

Demo data (pokud nemate “spravné” nastavena GA): Bit.ly/DDA-demo-data



https://kobulsky-merglevsky.shinyapps.io/ppc-camp/
https://kobulsky-merglevsky.shinyapps.io/attribution-demo-data/

Podékovani za inspiraci a sdileni know-how

» Martin Prd$a, Jan Hornych, Jan Tichy, Pavel Sima, Adam Silhan, Pavel Jasek

Dalsi zdroje pro studium

2

3.

Zarijova Posledni stfeda 2018: Atribu¢ni modelovani

Google Partners Attribution Academy 2018

< £ DIl 2 Dil 3. DY

+ Prezentace z Google Attribution Academy ke stazeni zde.

Video z Posledni stfedy na téma ,kvantifikace inkrementality”

Facebook skupina Attribution-academy.cz: sdileni zkusenosti s atribuci v marketingu

Vlastni empiricka zkuSenost a nas web ©


https://www.linkedin.com/in/martin-prusa/
http://crossmasters.com/
https://www.medio.cz/
https://www.roivenue.com/
https://www.linkedin.com/in/adamsilhan/
https://www.linkedin.com/in/paveljasek/
https://www.h1.cz/posledni-streda#gref
https://youtu.be/S9dUkDKT0pg
https://youtu.be/x7tOehDyb2o
https://youtu.be/FPjEQpprj_g
https://drive.google.com/drive/folders/1PqBP6K8uYdWyrjo-KOt2be4Hofv6FtZa
https://slideslive.com/38901776/vyhodnoceni-dopadu-brandovych-online-i-offline-kampani-na-online-navstevnost-a-trzby
https://www.facebook.com/search/top/?q=attribution-academy.cz%3A%20sd%C3%ADlen%C3%AD%20zku%C5%A1enost%C3%AD%20s%20atribuc%C3%AD%20v%20marketingu&epa=SEARCH_BOX
https://www.attribution-academy.cz/?utm_source=prezentace&utm_medium=workshop&utm_campaign=last-slide

To je od nas pro dnesek vse :-)

Pokud mate dotazy, ptejte se



